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PERFORMANCE COMPARISON

« vs. Single Prefetchers (Top): Our framework outperforms the state-of-the-art hardware
prefetcher, Pythia (MICRO’2021), by 9.8% across memory-intensive SPEC 2017/

benchmarks. This IPC improvement stems from our per-instruction adaptive policy.
« vs. Ensembles (Bottom): Traditional online ensemble methods Alecto (M Li. HPCA'2025)
. <|im_start|>user struggle because their trial-and-error learning disrupts advanced prefetchers. By using static,
. leaq_ ox6dc8d(%rip), %rsi offline LLM hints, LMHint achieves an 18.9% average IPC improvement over the best prior

ensemble methods without any runtime training overhead
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(b) Different configurations of LMHinted Prefetchers vs. Existing Prefetcher Ensemble Methods

IPC Improvement over
No-Prefetch Baseline (%)
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